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We propose that the use of GenAI tools in knowledge work builds on a well-established practice of content repurposing. Drawing on data from 

three studies into how knowledge workers reuse content, we suggest that GenAI tools have the potential to support this practice in new ways. 

However, there is a need for these technologies to support knowledge workers in learning through content generation, and in understanding the 

wider organisational context of the source materials they work with, if they are to support the production of organisational knowledge and the 

development of worker skill.  
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1 INTRODUCTION 

Generative AI (GenAI) has the potential to change knowledge work in new and unprecedented ways. Knowledge work can be 

defined as work undertaken to generate knowledge, and, in contrast to first-line work and manual labour, has been largely believed 

to be somewhat immune to advances in AI, as creativity and expertise are integral to its successful accomplishment. The discourse 

around recent GenAI applications, such as ChatGPT, on the one hand highlights their potential to enable this creativity and produc-

tivity, and on the other suggests that they may challenge the nature of knowledge work itself, and the job security of knowledge 

workers [8]. However, scholars have also argued that ML is simply the repackaging of existing human labour and expertise [4]. 

From this perspective, GenAI draws on a practice that is already extremely prevalent in knowledge work; that of repurposing 

existing content. The repurposing of personal, shared, and public content has been highlighted as a necessary strategy for knowledge 

workers, who deal with complex and abundant amounts of information. For instance, in [12], over half of documents, spreadsheets, 

and presentations were found to be related to at least one other file. In [16], it is argued that “the most urgent challenge for 

knowledge workers is making effective use of what information is available” [p. 2], and that constructing the best document pos-

sible out of available materials, by “pasting up”, is a common and logical approach. However, a nuanced understanding of how 

content repurposing is accomplished in knowledge work, and what motivates it, is currently lacking. In this paper, we draw on 

qualitative research into why and how people repurpose content as part of work, and what they perceive as associated risks. We 

consider (i) what this suggests for the design of GenAI applications, and (ii) how GenAI may support these practices in new ways. 

2 RELATED WORK 

Research on content repurposing encompasses investigations of ‘remix’, which is framed as a creative activity performed within 

online communities ([1][6][10][11][14][18]), and studies of ‘reuse’, which is often explored through analyses of workplace content 

([12][16][17]). Research on the application of existing content in knowledge work has largely focused on making that content 

findable and understandable. Researchers have focused on the challenges raised by sharing content in organisational settings and 

maintaining group repositories ([23][24][19][3]), and have studied the work needed to make that content accessible to others 

([2][5]). Investigations of content repurposing in the workplace, including the studies cited in the Introduction ([12][16]), tend to 

focus on content relationships within a single user’s files. An exception to this is [17], which examined the repurposing of presen-

tation content in a large organization. A significant amount of exact reuse of text and images was found, but this was qualified by 

role; for example, material was more likely to come from a manager than a non-manager, and was strongly associated with certain 
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types of work. In a further survey, participants reported that information flows up and down hierarchies, with images being reused 

most frequently. Most of the material that was repurposed came from a person’s social network, with participants reporting uncer-

tainty about repurposing material without knowing its origin.  

Research described in [9] explores in more depth how digital content is obtained from and made available to work colleagues 

for remix. Here it is noted that remix requires both conceptual transformation, the realization that content could be used for some 

other purpose, and concrete transformation, in which the semantic, structural, or stylistic content of a digital resource is changed 

or incorporated into something else. The conceptual work of remix might be performed by colleagues, for example, when a co-

worker raises awareness of the potential for some piece of content to be appropriated. However, this tends to be done through social 

interaction rather than manipulation of the content in question, with the work to put it ‘in common’ (cf. [2]) being done without 

interacting with it. The work required to support a concrete transformation of content can be considerable. A study reported in [7] 

highlights the importance of maintaining consistency and identifies two forms of remix: adaptive remixing, in which content is 

adapted to fit a new context, and creative remixing, which goes beyond translations of the material to incorporate new elements. 

This research highlights the need to contextualise reused materials, to make them appropriate for specific settings and audiences. 

3 STUDIES 

The research reported in this paper was conducted to develop a deeper understanding of how and why repurposing is accomplished 

by knowledge workers. We were interested in not only how easy it is to cut and paste such materials, but also in the wider set of 

activities that surround repurposing, such as finding and working with content. Furthermore, we expected these practices to be 

mediated by different motivations for content repurposing and by different types of content. These aims gave rise to the following 

research questions: (i) What are the different motivations for content repurposing, and how do they relate to different kinds of 

activity? (ii) How do the material qualities of different types of content mediate repurposing, including how content is identified 

and worked with? (iii) What are barriers and trade-offs associated with content repurposing?  

We conducted three qualitative studies with knowledge workers. The first (n=15) used diaries and interviews to explore the 

different activities associated with content repurposing, and the motivations for undertaking these. The second (n=19) and third 

(n=15) looked at the repurposing of presentation materials and text, respectively, to understand how content to be repurposed is 

identified and worked with, and how this varies for different forms of content. In this paper, we draw on the data collected to 

consider implications for emerging GenAI systems when used in the context of knowledge work.  

4 FINDINGS 

4.1 Intentions and actions in content repurposing 

First, we present a framework of actions and intentions that are associated 

with content repurposing (see Figure 1). This was developed through an anal-

ysis of data from Study 1, and refined as data was collected and analysed in 

Studies 2 and 3. The high level actions are: (i) Adopting, which refers to the 

action of inserting some piece of content into a new context ‘as-is’, either by 

pasting it into a primary document with little or no editing, or by directly 

borrowing structure or style. Adoption supports two key intentions in work: 

ensuring accuracy and achieving consistency. (ii) Adapting, which refers to 

bringing some piece of content into a new context, including acting on it to 

ensure appropriateness for its new setting. Modifications include translating 

content for a new audience and updating it. Key challenges include getting 

content into a primary application so that it can be worked on, and tailoring 

it for its new context by, for example, changing dates, adding or removing 

personal touches, and matching formatting. Participants wished to both show 

and hide provenance when adapting content; sometimes it was valuable to 

Figure 1. Framework of actions and intentions  

associated with content repurposing. 
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acknowledge origin, but in other cases this was unimportant or would undermine the impression of being personal or professional. 

We found two key intentions associated with adaption: translating materials for a new audience and updating content. (iii) Produc-

ing a View, which typically involves assembling or juxtaposing key pieces of content, which are compiled outside of the working 

document or put in place as a framework that is then deleted. These actions play an essential part in work, especially during its 

earlier phases, where ideas and arguments take shape. It is worth emphasizing that, while the term ‘view’ seems passive, this is a 

dynamic and flexible process; content is actively organized to create a particular view. Three key intentions are associated with 

this activity: developing understanding, seeking inspiration, and underpinning organisation by framing work. 

4.2 Units of content 

In Studies 2 and 3, we focused on two types of content respectively: presentation materials and text. Slide decks were found to be 

more easily compartmentalized than documents, with single slides, as well as sections of slides, being easy to repurpose. However, 

we also saw differences other than modularity between text and slides, which impacted how the work of repurposing was done. 

For example, participants found it easier to gain a visual overview of slide decks than documents, and this made it easier not only 

to see their style and structure, but also to understand their narrative. Structure, style and narrative are all potential components for 

repurposing but can be difficult to extricate from text-based documents. Interestingly, even where text is being repurposed from 

one document to another, we found that slide decks could play a supporting role by revealing narrative.  

Working with text presents different requirements and challenges to working with presentation material. As documents are 

typically less visual than presentations, finding content within them was more dependent on recall, as it is harder to recognize it 

through visual scanning. Consequently, either authorship of, or at least high familiarity with, text was often a precursor to its 

repurposing, and even then, participants often forgot about relevant content until encountering it whilst looking for something else. 

Furthermore, ‘chunks’ of content are less obvious with text. In some cases, participants were able to cut and paste exactly what 

they needed, be it a word or a paragraph. But in other cases, deciding where relevant content begins and ends was less straightfor-

ward. Participants copied in extra text around that which they thought they needed, and highlighted all of it, with the expectation 

that they would need to work it into its new setting. A benefit of text is that it is easier to adapt for a new setting than images or 

slides, which are typically less pliable; ‘working in’ is necessary but easier for text. 

For both presentation materials and text, content could be interpreted as offering: (i) a baseline, to be updated or translated for 

a new audience; (ii) a structure; (iii) elements of style; or (iv) piecemeal content that could be combined to make something new.  

4.3 Risks of content repurposing 

The above description of highlighting chunks of pasted-in text hints at one of the risks associated with re-use: failing to tailor 

content for its new context. Copy and paste errors are a potential source of embarrassment and can also have more serious conse-

quences. In a rare example of templates being used, one of our participants described how they always generated contracts from a 

template rather than re-using a previously issued contract, because the risk of failing to rewrite certain details was too great.  

A more general risk highlighted by our participants was that re-use could increase the potential for writing lazily, introduce 

bias, or even result in plagiarism. These risks were additional reasons for rewriting content and keeping track of what is pasted into 

a document during authoring. As one participant explained, “You write text for a particular context, for a particular audience, for 

a particular style of paper, for a particular whatever. […] I mean a lot of people do it [reuse content], but a lot of writing is bad.” 

Some participants described how they sometimes deliberately avoided reuse. For them, thinking is bound up with writing and, in 

some cases, it is beneficial to start with an empty page. 

5 DISCUSSION 

Content repurposing in the workplace comprises different activities – adoption, adaption, and producing a view – each of which is 

intended to accomplish a different outcome. Producing a view helps build understanding and foster inspiration (cf. [21]), as well 

as framing work to lay out points that need to be addressed, and to assess one’s progress through an activity. Adaptation of existing 

materials can bring them up to date or make them suitable for a new audience (cf. [7]). Adoption supports accuracy and ensures 

consistency of presentation, either within a team or to a broader community. In contrast to the implication that ‘pasting up’ [16] is 
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a hurried practice, we found it to be effortful and careful. In this Discussion, we draw on our findings in relation to potential 

applications of GenAI experiences. We organise our thoughts around three emergent themes.  

Working with exemplars. Knowledge workers used exemplars for multiple reasons, including to build understanding, communi-

cate in ways that are consistent with community and organisational norms, align with specific narratives, and be certain of the 

accuracy of content. They were directed by colleagues to documents that illustrate how to write a proposal; they repurposed emails 

that illustrate how best to write a request; they reproduced code to learn something new, and they referred to and reused specific 

regulatory or institutional examples. There is scope for GenAI tools to offer alternatives to such exemplars, raising the question of 

to what extent prompts (or libraries of prompts) may replace templates, and whether, as is already the case amongst software 

engineers, communities of practice may craft and share these. It is worth noting here that this may be riskier for knowledge workers 

who are seeking to learn (and who, ironically, may benefit most from exemplars). As [21]’s analysis of programming with GitHub 

Copilot shows, the content that GenAI tools produce can appear superficially correct, thus errors are most difficult for novices to 

identify. The potential for errors also suggests that adoption of content to ascertain accuracy may be one example where GenAI 

tools could introduce too much risk, especially where reuse is undertaken to follow or include regulatory or institutional language. 

Provenance and organisational knowledge. Repurposed content has an important quality that makes it distinct from content 

that is generated by AI. It is associated with particular organization members, who are seen as knowledgeable about something 

specific, and who may help add context or deepen understanding. GenAI tools, even when able to point to source content, may 

weaken this connection. On the one hand, this may help knowledge workers build on content that is hard to reach due to organisa-

tional silos. Much research has explored the challenges of disseminating organisational knowledge, and GenAI tools may offer 

some unique benefits here. Casting the net wide may be especially beneficial in cases of building understanding or finding inspi-

ration. Further, the capabilities of GenAI systems to produce unique and creative outputs could be directed at new ways of sup-

porting organisational memory. Organisational memory is bound up with ‘knowing how to ask’ and ‘knowing how to tell’; the use 

of memorable ‘war stories’ is key to information sharing [20]. While it is understood that prompting GenAI systems entails ‘know-

ing how to ask’, an additional question relates to how GenAI systems can be designed to ‘know how to tell’, by making content 

memorable and suited to the context of the asker.  

On the other hand, this points to the risk that, by making content readily accessible across organisational boundaries, it becomes 

devoid of context and open to misinterpretation. Having AI perform the ‘conceptual shift’ [9] that content is ‘available’ for reuse 

may be especially risky in organisational settings where ‘live’ documents are the norm and where organisation members struggle 

to understand what they are implicitly contributing to ML systems [15]. This stands in contrast to the web, where content is made 

available via some ‘publish’ action. Additionally, having GenAI mediate connections between people and content may weaken the 

understanding of who produces what in an organisation. This is a significant aspect of organisational knowledge, which enables its 

understanding, socialisation, and can support future collaboration. Knowledge work entails working with, building on, and respect-

ing the contributions of others (in contrast to the discourse around current GenAI systems, in relation to copyright and theft [13]). 

Knowledge workers as experts. A final theme relates to the defining feature of knowledge work: the production of knowledge. 

Knowledge work is bound up with expertise and deep thinking, which is in part developed through and associated with content 

production. GenAI tools are sometimes interpreted as offering a ‘first draft’ or framework for further work. In this context, addi-

tional work might entail refining a written document, learning and rehearsing the speaking points for a slide deck, or auditing the 

content included in a synthesis. However, AI-generated frameworks might do more to enable the work that knowledge workers 

engage in when creating their own ‘first drafts’. For instance, they could scaffold navigation and decision-making across resources 

and pieces of content, helping a user ‘produce a view’ of relevant resources in support of deeper understanding of the generation 

of the document. The presentation of AI-generated content summaries, opposing viewpoints, calculations, and visualisations could 

all be produced in service of this.  

6 CONCLUSION 

We suggest that the use of GenAI tools in knowledge work builds on a well-established practice of content repurposing, which is 

performed in different ways and for different purposes. GenAI tools have the potential to support this practice in new ways, but 

this needs to be done in the context of knowledge work as a building of knowledge and expertise in organisational settings, where 

knowledge workers learn through content production, and where knowledge socialisation is accomplished through content sharing.  
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